Visual Navigation for Mobile Robots: a Survey
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— map-based navigation systems

— map-building-based navigation systems

— mapless navigation systems2.1.1 Map-based Navigation
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2.1.3 Mapless Navigation
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2.2 Outdoor Navigation
2.2.1 Outdoor navigation in structured environments
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2.2.2 Outdoor navigation in unstructured environments
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Figure 5: The various types of paths in the motion of robot
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[9] none none none

[10] outdoor GPS none

[11] outdoor Map-buiding 3d
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[13] indoor none Genetic
Algorithm

[14] none None A* algorithm
Genetic
Algorithm
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